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ABSTRACT

Since the Arabic speech has not processed by computers as
English as enough, the more density is required to cover its use
and applications. This is an important item due to the high
developing speed in the field of science and implementation.
However, the speech is a main tool in the order system in all
fields. This paper presents a new generalized system for the
Arabic speech recognition based on 3-layer integrated neural
networks consisting of control network and several sub-
networks. The segmentation technique is accounted to minimize
the selected features. This will reduce the computational time
required for feature extraction as well as the computational
effort. Different methods, applied to English, are introduced in

the work. High recognition rate is reached by sequential
processing.



